The purpose of this paper is to extend innovation-decision process (IDP) research. Focusing at the individual level of analysis, the paper empirically describes the adoption of an innovation-the Smart identification (ID) technology-in Estonia. The paper opted for an exploratory study using both quantitative and qualitative approaches. To this end, 568 subjects completed questionnaires assessing aspects of the five innovation-decision stages. Hypotheses were tested simultaneously in iterative mediation and moderated mediation analysis. The analysis is modeled along the key aspects and phases proposed by Everett Rogers (2003) . Consistent with Rogers' theory and as hypothesized, earlier stages of the innovation-decision process predicted later stages. However, Implementation did not predict Evaluation stage variables. The conclusions show that the IDP model is supported overall, and that additional work is needed to describe further the process of adoption in different social contexts, such as Estonia. It also identified that role and time are important explanators in innovation diffusion research. Practical implications and future research are suggested.
Introduction
Innovation has been defined differently by many scholars. For example, innovation has generally been argued to be both the production of creative ideas and their implementation as the first and second stages respectively [1] . To economists, innovation is conceived as an outcome, while organizational sociologists see innovation from a process perspective [2] . To many management scholars [3] , both earlier viewpoints should be considered with a focus on the adoption the result of a comparison of the uncertain benefits of an invention with the uncertain costs of adopting it. Other scholars in the innovation diffusion stream have sought to develop models to aggregate innovation diffusion. Most of these models are based on a formulation of differential equations that specify the flow between mutually exclusive and collectively exhaustive subgroups such as adopters and nonadopters [9] [10], while more recent reviews have included [11] . All these scholars, especially Mahajan et al., advocate an individual-level modelling approach to "study the actual pattern of social communication, and its impact on product perceptions, preferences and ultimate adoption". Goldenberg et al., [12] modelled adoption as a probabilistic transition between two states that results either from spontaneous transformation or from word-of-mouth induced awareness.
While Nathan Rosenberg in 1972 asserted that the diffusion process is slow and the variations in the rates of acceptance of different innovations are wide, Hall et al., op. cit. posited that although the ultimate decision is made on the demand side, the benefits and costs can be influenced by decisions made by suppliers of the new technology, confirming the other studies such as [13] . The resulting diffusion rate is then determined by summing over these individual decisions. Hall, et al., op. cit., further noted that the most important thing to observe about this kind of decision is that, at any point in time the choice being made is not a choice between adopting and not adopting but a choice between adopting now or deferring the decision until later and that the reason it is important to look at the decision in this way is because of the nature of the benefits and costs.
Opinion dynamics in social systems has been given considerable place in the diffusion literature [14] . This idea stipulates that consumers develop preferences in a collective process of opinion formation. Under the same idea, refusal to adopt is increasingly weighted by neighbour agents as evidence against innovation, based on observed adoption behaviour [15] . Other approaches to modelling innovation decision are based on psychological rules rather than perfect rationality [16] [17] [18] . Social influence has been touched on extensively in diffusion research. There is evidence in the literature in this respect [19] [20] [21] [22] [23] . Many of these studies incorporate positive word-of-mouth mechanisms.
Although existing innovation decision models vary to some extent in their terminology, e.g. [24] [25] [26] , the fundamental structure follows the process suggested by Everett Rogers (2003) . Rogers has said that to understand the rate of adoption in any given situation requires analysing factors that facilitate or militate against adoption. These, he observed include: 1) Knowledge of an innovation 2) Persuasion or formation of an attitude towards the innovation 3) Decision to adopt 4) Implementation of adoption decision, and 5) Confirmation (referred to in this paper as Evaluation). The likely ensuing outcome of the full cycle is innovation diffusion. Nabih, et al., op. cit. [26] , observed that, "the acceptance and the continued use" of an innovation is the behaviour most com-Open Journal of Business and Management monly referred to in the definition of adoption.
There is again evidence in the literature about numerous technology adoption and acceptance theories over time [27] . Some of them include: 1) the Theory of Reasoned Action (TRA), which suggests that a person's intention to perform a behavior is determined by her/his attitude and the subjective norms; 2) the [13] . More recent empirical studies have investigated determinants of adoption and non-adoption decisions. [37] .
In the paper, the study location is Estonia, a Baltic country in Eastern Europe.
According to the studies of [38] , over the last two decades, the country has made tremendous technological progress. Every Estonian citizen or legal resident, irrespective of their location, has a state-issued digital identity. 
Research Hypotheses
In the paper, the author will investigate adoption of the Smart ID technology using the factors known to affect new technology adoption. Employing a mediation analysis in sub-models I to III (hypotheses 1 to 3) and moderated mediation analysis in sub-model IV (hypothesis 4), the author will investigate if "Role of individual" mediates the relationship between Knowledge, Persuasion, Decision, Implementation and Evaluation, as well as if Length of Stay (Time) moderates the likely relationship between Implementation and Evaluation through Role (see Figure 1 for an overview of tested hypotheses).
The theory underpinning the model tested in this paper is grounded in the classical diffusion of innovations theory [40] The entire study is modeled along selected aspects and phases of the Innovation Decision Process (IDP) framework proposed by Everett Rogers. In the ensuing sections, each of Roger's key phases is reviewed and hypotheses stated. Indeed, there is some empirical support from several studies such as [45] [46] [47] , showing that the innovation process as it unfolds over time is messy, reiterative, and often involves two steps forward for one step backwards plus several side steps. Does the IDP framework follow the order as posited by Rogers in the context of Estonia, which is an unexplored social system, in terms of the innovation decision-process framework? What are the factors that trigger accelerated adoption of new technologies such as the Smart ID?
Four sets of hypotheses were developed. First, the author hypothesized that the outcome would be consistent with Rogers' innovation-decision process model. Specifically, the expectation is that each of the stages of the IDP would predict subsequent stages and that knowledge levels would predict the extent to which the subjects had been persuaded in favor of the Smart ID innovation, which in turn, would predict their decision making, to implement the innovation. Decisions at post-implementation were then expected to predict self-reported implementation thereafter, which in turn would predict confirmation of the decision after dissemination. 
Knowledge of an Innovation
Rogers, op. cit., had argued in 1995 that communication is the process by which 
Persuasion to Adopt an Innovation
Persuasion is the second stage in the IDP and occurs when an individual forms a favourable or unfavourable attitude toward the innovation. [52] theorized that early adopters are willing to take the risk of adoption without gaining information from their social systems and therefore, tend to be risk takers in this light.
To them, consumers differ in terms of their reliance on others for information and assistance when making new innovation decisions. Research has shown that product characteristics can affect adoption decisions [53] . One of the key characteristics, which has been influential in consumer adoption of innovation is network externality, aside innovation newness, compatibility, feature richness and perceived risks. Recent studies have suggested that persuading opinion leaders is the easiest way to foment positive attitudes toward an innovation.
Rogers, op. cit. explains that the types of opinion leaders that change agents should target depend on the nature of the social system. Social systems have been characterized as heterophilous or homophilous [43] . On one hand, heterophilous social systems tend to encourage change from system norms. In them, there is more interaction between people from different backgrounds, indicating a greater interest in being exposed to new ideas. It has been argued that these systems have opinion leadership that is more innovative because these systems are desirous of innovation, whereas, homophilous social systems tend toward system norms. Most interaction within them is between people from similar backgrounds. People and ideas that differ from the norm are seen as strange and undesirable. These systems have opinion leadership that is not very innovative because these systems are averse to innovation. Opinion leadership is the degree 
The Innovation Decision
Rogers In any case, decision is the third stage in the IDP framework and occurs when an individual engages in activities that lead to a choice to adopt or reject the innovation. The innovation-decision is made through a cost-benefit analysis where the major obstacle is uncertainty. The argument is that people will adopt an innovation if they believe that it will, all things considered, enhance their utility. 
Evaluation of Innovation: Role as a Mediator, Length of Stay as Moderator
Empirical evidence from several studies have shown that respondents sought information after they had made the decision to adopt and before. At the Evaluation stage, the individual seeks reinforcement for the innovation decision already made but may reverse this decision if exposed to conflicting messages about the innovation. This has been referred to as Discontinuance [43] . The the consequences of adopting a particular system and the evaluation of the resulting consequences [66] . Similarly, user attitudes influence the adoption of new technologies [67] . The present study will investigate whether Role of individual mediates the adoption relationships in H 1 to H 4 .
Time is another important element in the diffusion process. In fact, most oth- Perhaps, it is a fundamental concept that cannot be explained in terms of something more fundamental. According to Rogers, time does not exist independently of events, but is an aspect of every activity [43] . The inclusion of time as a variable in diffusion research is one of its strengths (p. 20). Time has been considered intrinsic to the process of communicating, even more so if the concept being communicated is unknown to the audience. The study also investigates whether Length of Stay in Estonia moderates the proposed relationship between the Implementation and Evaluation decisions, suggesting that this relationship is weak when there is strong Length of Stay. Specifically, the author will investigate whether Length of Stay moderates the already proposed indirect relationship between Length of Stay, Role of Individual and Evaluation, so that when the Length of Stay is strong, the proposed indirect relationship from Implementation via Role to Evaluation will be weaker. Against this backdrop, the fourth hypothesis is stated as follows:
The indirect association between Implementation and Evaluation through Role is conditionally dependent upon levels of Implementation, so that the relationship between Role and Evaluation is only present when Implementation is weak.
Method

Procedure and Sample
A survey was developed, and measurements were validated through initial pilot data collections using selected samples. The initial sample count was 9, purposefully selected to check theoretical saturation. The results of the initial pilot led to a regrouping, re-alignment and recomposing of the number of standardised inventories. The author then implemented the survey online, using a general sample to test the hypotheses. The following subsections provide the details of the measurement development and implementation.
Instruments
The questionnaire was composed of a number of inventories, including scales measuring Knowledge, Persuasion, Decision, Implementation and Evaluation. For Decision, respondents were asked to select from the following, which best described their technology orientation: 1) "sceptical of new technologies and use them only when I have to", 2) "usually one of the last to use new technologies", 3) "I use new technologies when most people I know do", 4) "I like new technologies and use them before most people I know" and 5) "I love new technologies and among the first to experiment and use them". Innovators fall into the item one group as being venturesome and enjoying being on the cutting-edge, while early adopters, early majority, late majority and laggards fall into groups two, three, four, and five respectively, and as represented in the scale.
Implementation was assessed on two items: "Have you used the Smart ID technology already" measured using a 2-scale response, 1 (Yes), 2 (No). Based on the influence of time on the decision and also the Dissonance theory (Leuthold, op. cit.), where a decision is reversed, the author assessed how long respondents had used the Smart ID technology for (1-"less than a month", 2-"1 to 2 months", 3-"3 to 6 months" and 4-"6 to 12 months").
Evaluation consisted of three core items describing the different forms of outcomes in relation to faster access to e-services, increased convenience to e-services portals and safer access to e-services. Responses were given on a frequency scale from 1 to 5, (where 1 represents "Strongly Disagree" and 5 "Strongly Agree").
Length of stay in Estonia consisted of 1 ("Less than a year"), 2 ("1 to 2 years"), 3 ("3 to 5 years") and 4 ("more than 5 years"). Role consisted, 1 ("student only"), 2 ("employed (worker) at an organisation only"), 3 ("student, but employed"), 4
("Other"). Gender, Age and Education levels were used as control variables in the statistical analyses.
The measures were developed, refined and ultimately validated during the pilot test phase in July 2017. They are based on the IDP framework and IDT by Everett Rogers. Data from 9 samples were used to validate the scales for the final measurement model. During this item development process, each measurement model was assessed by looking at the reliability of the indicators, the internal reliability of the measurement scales and the discriminant validity of the indicators. In completing each assessment of the measures, any items with questionable validity were reviewed for face validity (to ensure that they were not essential to the meaning of the construct); if they were non-essential, the author removed them and re-ran the partial least squares (PLS) analysis. Some items were carefully reworded for clarity, and another group was then asked to respond to the Open Journal of Business and Management revised items, and the author then subjected their responses to the same PLS analysis. This process was repeated until the author was satisfied with the properties of all the measurement items.
Survey Implementation
The participants in this study are residents of Estonia. The questionnaires were distributed from August to November 2017 via email and also social media in Estonia. Altogether, 568 responses were returned (excluding the pilot sample).
46.5% of the respondents were students, of which 15.5% were employed concurrently. 43 .7% of the respondents were workers only, and the remaining 9.8% were uncategorised. For demographics, the average age of the respondents was 
Statistical Analyses
In order to properly assess the path coefficients in the research model, the author first examined the indicator reliability, internal consistency reliability, discriminant validity, and convergent validity of the reflective measurement model to ensure they are satisfactory [68] .
The author first utilised the PLS technique-specifically, Smart PLS version 3.0.M3 [69] -to analyse the data. Given the sample size and the complexity of The author confirmed the measurement model first, through PLS by testing for item and scale reliability, internal consistency, and convergent/discriminant validity.
After examining the outer loadings for all latent variables, some items were removed because their outer loadings were smaller than the 0.4 threshold level suggested by [71] . After reviewing the model from a face validity basis and re-running the model to ensure there were no differences in the structural model Table 2 shows the outer loadings).
To assess scale reliability and internal consistency, the author considered the CR score and the AVE. For adequate reliability, the CR score should be greater Table 3 .
Prior research suggests that a threshold level of 0.60 or higher is required to demonstrate a satisfactory composite reliability in exploratory research (as suggested by [73] ). The Composite Reliability (CR) values for the Evaluation (EV) construct are shown to be 0.910, indicating high levels of internal consistency reliability [75] . All other constructs recorded a value of 1, because they had single indicator (item) variables and do not imply perfection as a result.
Bagozzi and Yi, op. cit. suggests an AVE threshold level of 0.5 as evidence of convergent validity. Since all constructs retained met discriminant validity and other reliability tests, they are kept in the model to maintain content validity with high levels of convergent validity.
The author performed two tests for discriminant validity. First, the author examined the cross-loadings of the items to ensure that: 1) each item loaded more highly on its own construct than on any other construct; and 2) there were no items that loaded more highly on a construct than the items intended to measure that construct. All measures passed both tests. Second, the author compared the square root of each construct's AVE to the correlations between that construct and all other constructs to ensure that the square roots of the AVEs exceeded the other correlations. By the Fornell-Larcker [72] criterion, to establish discriminant validity, the square root of average variance extracted (AVE) of each latent variable should be larger than the latent variable correlations (LVC). All measures passed this test as well. The square roots of the AVEs are in bold on the diagonal in Table 3 . Discriminant validity is met for this study because the square root of AVE for KNWL, PRSN, DC, IMPL, EV, Role and LoS are much larger than the corresponding LVC (1 -7).
In addition to checking the measurement model, the structural model was evaluated. Collinearity assessments showed all Variance Inflation Factors (VIF)
were within the threshold of < 5 (Hair, op. cit.) except for the EV construct items which were above the threshold due principally to the three indicator variables on that construct. Model fit results were also positive: SRMR = 0.03; NFI = 0.805; Chi square = 516.884.
For common methods bias (CMB) test, the author performed Harman's one-factor test as described by [76] and found that the measures loaded on one factor with an eigenvalue greater than 1 and that, that one forced-factor extracted explained 19.49% of the overall variance.
Results
In order to test the hypotheses, regression analyses were conducted using PROCESS SPSS by Hayes [77] . Descriptive statistics and intercorrelations among the study variables are displayed in Table 4 . Results indicated that the four tested hypotheses were clearly confirmed. Figure 2 displays the model and results. 
Hypothesis 1: Relationship between Knowledge and Persuasion mediated by Role
Hypothesis 2: Relationship between Persuasion and Decision Mediated by Role
Hypothesis 3: Relationship between Decision and Implementation Mediated by Role
Discussion
Using a sample of 568 subjects in Estonia, this study has provided support for the validity of the IDP framework in explaining the relationships between some antecedents, Knowledge, Persuasion, Decision, Implementation and Evaluation.
However, Implementation stage variables did not predict Evaluation stage variables, as expected and hypothesized. The sequence or order of the innovation-decision process, as being based on sociocultural settings, is indeterminable, specifically in this study context. Time, from when the innovation becomes available to when it is adopted by the individual, which is the most common question asked in adoption and diffusion studies, was also not established entirely. At the time of this study, 40.8% of the respondents preferred the new technology as login option, among a varied set of options available, suggesting that they had used the Smart ID technology, and this was barely six months after the Smart ID had been rolled out. The study has implications for the innovation diffusion research stream and for managerial practice. The author discusses each.
Implications for Research
The study was designed to test the Innovation-Decision process model. Research exists on how some factors accelerate the rate of new technology adoption, however, this study puts the spotlight on the Estonian context. Further, social networks of adopters are identified as a critical factor for innovation adoption, especially during the stages of information exploration and decision-making [38] . Additionally, major factors that influence the innovation adoption process, such as characteristics of the adopter, which include individual role; quality of innovation management and incentives for innovation adoption, were confirmed. Attributes such as innovation culture was noted to be strengthened by experiencing successful innovation adoption in agreement with [78] ; German et al., [79] who argued that this culture is transformed and modified by many external and internal changes, such as advancement of technology, policies, social institutions or systems and past innovation experiences, which are also influenced by, and consequently serves as an influencer of an individual's role or disposition in terms of innovation adoption.
In agreement with Rogers, op. cit., the innovation-decision sequence of knowledge-persuasion-decision, was confirmed. In the Estonian social setting, the sequence, based on the number of adopters in this study, confirms that the study subjects first had knowledge of the Smart ID, were persuaded to, based on factors such as ease of use and convenience, among others, to migrate to the new platform easily. Based also on the study, there was no indication that the IDP process sequence in actual fact, followed the knowledge-decision-persuasion pattern. In line with earlier research on the adoption and diffusion of computer-related systems, e.g., [80] and individuals who learnt about the Smart ID via social media sources (9.9%).
These two groups make up most individuals with a high technology orientation.
Prior research has highlighted the importance of peer-to-peer conversations and peer networks which have been tested in more than 6,000 research studies significantly impacts on the adoption decision (in agreement with [78] ).
It must be noted that there are several electronic services authentication options available in Estonia. A decision to research and find information about an innovation by an individual is therefore a confirmation of that individual's high technology orientation. Additionally, the population of Estonia is about 1.3 million, suggesting a densely homogenous social setting and possibly homophilous [39] .
The author looks across this study's three research focus so that the study's contributions can be placed into perspective and reflect on future research initiatives that will deepen understanding. Figure 2 shows the results of the test of the model.
Regarding the first research focus ("Extend what is known about the factors affecting adoption of new technologies"), the conclusion is that, based on the subset of the constructs from within the framework that the author tested, the IDP framework does indeed provide useful guidance to researchers. As the findings reveal, Knowledge influences Persuasion (p < 0.01), providing strong support for H 1 . Obviously, future research initiatives would be appropriate on both sides of the IDP construct. On the left side, it would behove future researchers to expand the examination of antecedents to include other individual factors such as need for the new technology versus awareness and selective communications and, additionally, organisational/societal factors such as cultural context against native or individual cultures of subjects, norms and values of the society. On the right side, a few different outcomes should be considered: for example, there is no evidence to support a direct relationship between Implementation and Evaluation. Consideration of the IDP framework at other levels of analysis (group, organisational, societal) would also be appropriate. Regarding H 2 , the author finds strong support for the hypothesis about the effect of Persuasion on Decision to adopt mediated by Role (H 2 ; p < 0.01). Decision directly influences Implementation mediated by Role (H 3 ; p < 0.01). The author found that there is no significant interaction by Length of stay (time) on the adoption relationship between Implementation and Evaluation (H 4 ; p > 0.05) even though the tests revealed that Length of Stay, in a moderating capacity, enhanced the indirect effects in the adoption relationship between Implementation and Evaluation, mediated by Role of individual, suggesting that subjects who stayed longer in Estonia, were more likely to evaluate (EV) their implementation (IMPL) decisions based on their undertakings (students, workers and other Open Journal of Business and Management roles). Role of individual has an effect on Knowledge of an innovation, Persuasion or forming an attitude towards an innovation, Decision to adopt, Implementation of adoption decision and its Evaluation thereof (H 1 -H 4 ), confirming prior research that the IDP process consists of a series of summed individual actions and choices in dealing with the uncertainty inherently involved in the decision to adopt or reject a new technology (Rogers op. cit., p. 163). This suggests that an individual's role could have a crucial influence on their innovation adoption choices. Many studies maintain the original unit of analysis at the individual level even though they studied organisational level adoption (e.g. [84] [85] . In some studies, constructs are measured with a combination of organisation level and individual level indicators, e.g. [86] [87] . Organization theorists suggest that the explanation of collective phenomena must eventually be grounded in explanatory mechanisms involving individual action and interaction [88] [89] [90] . Some researchers have attempted to adapt the variables in individual-oriented frameworks and use them at the organizational level. [91] adapted perceived ease of use and perceived usefulness [92] in their use of the Technology Acceptance Model (TAM) of Davis (1986) . Recent innovation researchers [93] [94] developed a unified model of technology acceptance. [95] also contributed to the study of technology adoption, regarding the readiness of individuals. [96] addressed propensity of use, combining the evaluation of attitudes and beliefs of people who may or may not be users of technologies, using as analysis, inhibiting and facilitating drivers.
Regarding the second research focus ("Identify the factors important either in facilitating or militating against adoption of the Smart ID technology by individuals in Estonia"), future research could profitably consider a more specific and extended model that tests the adoption relationship between Knowledge and Persuasion. This is important as according to Rogers, op. cit., the diffusion process commences with communication channels and messages, awareness and learning [43] .
Regarding the third research focus ("Propose recommendations to solving problems and reducing barriers to new technology adoption in such contexts"), this is discussed expansively in the ensuing section.
Implications for Practice
While many of the findings of this study will be of greater import to researchers than practitioners, there nevertheless are three areas that have implications for managers.
First, the concept of cost-benefits analysis based on Rogers' [42] innovation diffusion theory, where the major obstacle is uncertainty should also be explored. The first of these is relative advantage, which is the degree to which an innovation is perceived as better than an idea it supersedes by a particular group of users, measured in terms that matter, like economic advantage, social prestige, convenience, or satisfaction. It has been argued that the greater the perceived relative advantage of an innovation, the more rapid its rate of diffusion is likely to be. Further, compatibility with existing values and practices is another quality which must be met. These broadly include individual roles which ought to be considered carefully (numerically and via other dimensions) by the change agent before rolling out an innovation. This is the degree to which an innovation is perceived as being consistent with the values, past experiences, and needs of potential adopters. An idea that is not compatible with the values, norms and practices of prospective adopters will not spread as rapidly as an innovation that is compatible. Simplicity and ease of use is another quality which goes together with "triability". This is the degree to which an innovation is perceived as difficult to understand and use according to Rogers, op. cit. New ideas that are simpler to understand are adopted more rapidly than innovations that require the adopter to develop new skills and understandings as argued by Rogers. Triability is also the degree to which an innovation can be experimented with on a limited basis [42] . This represents less uncertainty to the individual who is considering it. This is reflected in the Migration Difficulty (MD) aspect of the Persuasion (PRSN) construct in this paper. Diffusion-style campaigns should consciously attempt to utilise peer networks, for example, using opinion leader techniques or various "viral marketing" methods. These methods which are becoming increasingly popular aim to recruit well-connected individuals to spread ideas through their own social networks. In that case, Innovators' information will serve as leverage providing early and late adopters with Evaluation information from Innovators' early adoption decisions and therefore increase the domino effect [42] . 
Limitations
There are several potential limitations to this study; however, only four of them are discussed. First, the model is not exhaustive because of the large number of antecedents and outcomes that might be included across the entire IDP framework. As was noted above (under "Implications for Research"), much additional work should be done to include additional constructs. Even so, these findings should be taken neither as confirmation nor refutation of other studies but, rather, as exploratory results that warrant attempts at replication.
Second, although going beyond what has been traditionally examined in most diffusion research papers, this study relies on self-reported rather than measured behaviours. It is conceivable that individuals may misreport their own behaviours, either due to cognitive constraints or in an attempt at self-justification.
Third, although the author's developed measures for several constructs proved to have both convergent and discriminant validity, the items for all constructs A. A. Sai Open Journal of Business and Management were created for this study with some inspiration from prior studies, especially the IDP framework and IDT. These items should be viewed not as comprising fully validated scales but, rather, as exploratory contributions to a growing research stream. Future researchers will no doubt wish to refine the author's items and purify the scales to fit specific social contexts and situations. It is worthy of note that there are myriad established psychometric approaches available, but the measures used in this paper are purely for exploratory purposes again. Also, the data used in the analysis for this study are from one point in time. Future research may examine whether and how the relationships among the constructs have evolved over time.
Finally, the use of an Estonian-based sample could be considered a limitation by introducing methodological biases. However, to the author's knowledge, there are no international organisations that provide cross-cultural, random samples from multiple continents, so construction of a worldwide sample would require merging datasets collected through disparate means. Thus, to secure an international sample using a similar sampling technique would be very difficult.
Further, the statistical procedures performed on the data are not conclusive and the same research should be repeated including some aspects not either mentioned or included in this specific exploratory study.
Conclusions and Recommendations
In this paper, the author has attempted to ascertain the validity of one suggested This study should be viewed most directly as an "informing event" for future work. The author hopes that other researchers will join in as the author attempts to unravel some of the important (and, in many cases, under-studied) relationships inherent in this complex research domain.
The main contribution of this study is three-fold:
First, the extension of and/or addition to innovation adoption frameworks will advance innovation diffusion research and practice and depict the dynamic and interactive nature of technology adoption processes; the actors involved and their interactions in the adoption processes. Second, innovation agents and suppliers should intensify efforts at understanding different user segments in varied social contexts, as noted in this study. This means channeling resources towards social and market research activities to appreciate consumer needs and preferences in-depth and developing feedback mechanisms to integrate findings. This will provide greater and targeted insights to innovation dissemination strategies; address appropriately, design and communication measures; improve technology product and service offerings; and most paramountly, the user experience.
Third, one of the key barriers to new technology adoption is communication or its lack thereof, as confirmed in the study. Awareness and learning about new technologies are crucial to speed up adoption and its consequent diffusion, as 
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